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INTRODUCTION METHODS

Despite standard-of-care adjuvant endocrine therapy (ET), many Previously, an elastic net—penalized Cox proportional hazards (PH) model was trained with data from RW patients aged 218 years in the US-based, electronic
patients with hormone receptor—positive (HR+)/human epidermal health record—derived deidentified Flatiron Health Research Database® with stage I-Ill HR+/HER2- EBC who had undergone surgery and initiated adjuvant ET,
growth factor receptor 2—negative (HER2-) early breast cancer but not cyclin-dependent kinase 4/6 inhibitor (CDK4/6i) treatment (1 January 2011 to 30 April 2024)°

(EBC) still experience distant recurrence (DR)'-3 « To validate and extend the ML model, the current analysis was conducted in 5 steps (Figure 1), using NATALEE trial data (data cutoff: 29 April 2024)
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A NATALEE data-
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The phase 3 NATALEE trial demonstrated a statistically significant « The Harrell C-index (0.5-1.0; 1.0 = perfect concordance) and IBS (0-0.25; 0 = perfect concordance) were used to compare predicted vs actual outcomes for each
invasive disease-free survival benefit with ribociclib (RIB) + model; P values were determined by Wald test and are reported at the a=0.05 level

nonsteroidal aromatase inhibitor (NSAI) vs NSAI alone in patients Figure 1. Five-Step Study Design

with high-risk HR+/HER2- EBC,3 with a sustained benefit after all
patients were off RIB (HR, 0.72; 95% CI: 0.61-0.84; P<.0001)*

We previously trained a machine learning (ML) model on real-world
(RW) data that was able to accurately predict DR risk (concordance
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